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Model efficiency has also improved —
overall gain > 1000x

NVIDIA.



1. Trained LLM

2. Estimate importance
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Minitron: Compact Models via Pruning and Distillation
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Details: “LLM Pruning and Distillation in Practice: The Minitron Approach”, NVIDIA, arxiv: https://arxiv.org/abs/2408.11796, 2024

Cost to train the model (trillion tokens)
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Data center power demand
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source: Masanet et al. (2020), Cisco, |[EA, Goldman Sachs Research
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